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} The Problem

Today’s Al adoption in orgs:
» Scattered one-off pilots
- Siloed data and learning
» Inconclusive results
» No clear next steps for scaling
« Growing fear and skepticism

Leaders need a bold new
vision to guide their activities
and approach.




} The Solution

A self-driving organization is one that
can sense, learn, and adapt
continuously through a partnership
between people and intelligent systems.

Humans define purpose, ambition, and
values. Systems translate that intent into
action, learning and improving with
every cycle.

Together, it becomes a model of

progression; from isolated pilots to a
connected, learning enterprise.
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} \Why Now

Every technological shift has changed
what organizations can sense, decide,
and do.

The industrial age expanded how far
we could act. The information age
expanded what we could know. Now
Al expands how we can decide:
systems that interpret goals, weigh
trade-offs, and act with speed no
hierarchy can match.




About the Author

Bud Caddell is the founder of NOBL, a consultancy that
helps the Fortune 500 turn ambitious strategies into real
change. For over a decade, he’s guided leaders at the
world’s largest and most complex organizations through
transformations that blend strategy, culture, and
technology.

Increasingly, his work centers on helping organizations

integrate Al effectively—designing systems that learn,
adapt, and scale without losing human judgment.
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Autonomy
isn’'t a switch.
It's ajourncy.




} The Levels of Sclf-Driving Org

Self-Optimization
A fully adaptive system where data, decisions, and
learning are seamlessly connected across every function

Cross-Domain Autonomy
Multiple functions operate autonomously yet stay
aligned; humans guide trade-offs, ethics, and direction

Domain-Based Autonomy
A specific area or scope of an organization's
operations run automatically, with human oversight

Policy-Led Automation
Specific tasks owned by Al under constraints;
exceptions escalate to humans

Workflow Embedded
Al agents play key roles within processes,
humans approve and advance each step

Tool Assisted
Al as assistant, no workflow change
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Tool Assisted

Al as assistant; no concerted
workflow: change
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Despite $30-40 billion
IN cnterprise Investment
into GenAl, 935% of

organizations arc
getting zero return.

SOURCE: MIT NANDA



https://mlq.ai/media/quarterly_decks/v0.1_State_of_AI_in_Business_2025_Report.pdf
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WHAT IT LOOKS LIKE

Teams use Al tools in isolation: writing
prompts, generating slides, automating
outputs but nothing connects.

ENABLING WORK

- Shared data hygiene: compiling, cleaning, and tagging what matters so
future systems can learn

- Internal Al policy: clear guidance on what’s safe, what’s restricted, and
where human review is required

- Training and inspiration: internal demos, brown-bags, and show-and-tells
that highlight early wins

- Prompt libraries and templates: reusable examples that standardize quality
and reduce duplication

- Centralized experimentation log: a shared place where teams record what
they tried, what worked, and what didn’t

- Tool inventory and access controls: know which teams are using which

tools, and why, to reduce overlap and risk
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C C LEVEL OO CASE STUDY

Across American Express, more than
seventy generative Al experiments
arc underway-—from drafting internal
rcports to Improving customer
scrvice interactions. Each tcam tests
diffcrent tools and approaches,
lcarning through trial and crror rather
than through centralized
coordination. The resultis a surge of
creativity and productivity, but with
fragmented data and outcomes that
don’t yct connect.

Source: American Express
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https://www.americanexpress.com/en-us/business/american-express-ventures/articles/how-american-express-ventures-is-supporting-generative-ai-innova/

Workflow
Embcedded

Al agents play key roles within
processes, humans approve and
advance each: step



I'he hardest part of Al
isn’t the tech. It's getting
pcople to change the
way thev work.

— Satya Nadella
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WHAT IT LOOKS LIKE

Al supports specific, repeatable parts
of a process (e.g. drafting briefs,
summarizing updates). Humans still own
final decisions, but Al is part of the
workflow, not just the toolbox.

ENABLING WORK

« Process mapping and role definition: identify where Al adds clarity or speed, and where
human review remains essential

 Quality and bias checks: establish acceptance criteria, sampling reviews, and human
sign-off points

« Feedback loops: capture human edits and corrections to continually retrain or refine
prompts

- Workflow instrumentation: log inputs, outputs, and performance metrics for transparency

« Change enablement: train teams on how their process shifts (new rhythms, new review
habits)

« Cross-functional champions: appoint “workflow owners” to maintain consistency and

share lessons learned

NOBe



C C LEVEL O1 CASE STUDY

Pfizer’s regulatory and clinical tecams
now rchy on Al to summarize trial data
and draft documentation, with scientists
reviewing and refining every output
before submission. \WWhat once took
weeks of manual cffort now happens in
hours— but the workflow still begins and
cnds with human judgment. The Al's
role is to accelerate routine work and
free experts for interpretation. It's a
primc example of embedding Al into a
process while keeping people
accountable for what matters most.



https://www.pfizer.com/sites/default/files/investors/financial_reports/annual_reports/2022/story/data-and-ai-are-helping-to-get-medicines-to-patients-faster/

Policy-led
Automation

Specific tasks owned by Al
under.-constraints; exceptions
escalate to humans
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If vou can replace
judgements by rules
and algorithms,

they'llFdorbctter.
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ll J " Policy-1.ed Automation

WHAT IT LOOKS LIKE

Al begins making defined decisions within
established boundaries: routing requests, approving
low-risk items, or adjusting schedules automatically.
Humans step in for exceptions, ethics, and edge cases.

ENABLING WORK

« Decision audits: map out which choices are made most often, by whom, and using what
(sometimes unspoken) criteria

 Rule codification: translate “how we usually decide” into structured policies, thresholds,
and triggers — in plain language first, code second

« Exception design: define when and how humans intervene, and what authority they retain

« Governance alignment: involve Legal, Risk, HR, and Ops early to agree on the boundaries of
automation

« Transparency tooling: build dashboards showing every automated decision and its rationale

« Feedback & redress: give employees and customers a way to question or overturn
automated outcomes

- Leadership recalibration: coach managers through the power shift — from bending rules to
designing the rules

- Ethical stress tests: run scenarios where automated rules could conflict with values, to

refine before scaling
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LEVEL 02 CASE STUDY

Customer Decision Hub provides real-
time modcling and adaptive machine
lcarning that allows \Well Fargo to
constantly recalculate cach individual's
“next best conversation” while those
individuals arc¢ interacting in-channcl.
T'his not only ensures cach customer
message is relevant, but it also helps the
bank introducc new conversations that
arc designed to help struggling
customers build financial resilience.

WELLS FARGO

Source: Pega
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https://www.pega.com/customers/wells-fargo-customer-decision-hub?utm_source=chatgpt.com

Domain-Bascd
Autonomy

A specific area or scope of an
organization’'s operations

run automatically, with

human oversight



UL

I'he first rule of any technology
uscd in a business is that
automation applied to an
cfficicnt operation will magnify
the cfficicncy. The second is
that automation applicd to an
incfficicnt operation will
magnify the incfficicney. =

— Bill Gates .
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WHAT IT LOOKS LIKE

A specific domain (e.g. marketing operations, supply chain, or
customer service) operates autonomously under human oversight. Al
systems handle most day-to-day decisions, learning from results and
optimizing toward shared metrics. Humans guide priorities, ethics, and
exceptions but no longer manage every decision directly.

ENABLING WORK

- End-to-end process mapping: document the full flow of inputs, decisions, and outputs
across the domain

« System-of-record integration: connect the data backbone (CRM, ERP, HRIS, etc.) to allow
closed-loop learning

« Shared success metrics: align humans and Al on what “good” means

- Autonomy charters: define scope, boundaries, and escalation paths so everyone knows
where Al acts independently

« Cross-functional governance: include Finance, Legal, HR, and IT in domain oversight to
avoid siloed drift

» Transparency dashboards: visualize decisions, confidence levels, and exceptions in real
time

« Feedback rituals: hold regular “Al performance reviews” where humans examine outcomes
and tune policies

 Leadership adaptation: help managers shift from supervising people to supervising

systems (translating goals, not micromanaging workflows)
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Source: Supply Chain Nuggets
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https://supplychainnuggets.com/how-ups-orion-algorithm-transformed-its-route-optimization/

Cross-Domain
Autonomy

Multiple functions operate

autonomously yet stay aligned;
humans guide trade-offs, ethics,

and direction



)21 Cross-Domain Autonomy

WHAT IT LOOKS LIKE

Multiple autonomous domains (e.g. marketing, operations,
finance, HR) now coordinate through shared data and
objectives. Al systems negotiate trade-offs across
boundaries: reallocating resources, synchronizing forecasts,
and resolving conflicts in real time. Humans oversee
alignment, ethics, and long-term direction; steering the
system when strategy or context changes.

ENABLING WORK

« Shared data infrastructure: unify metrics and ontologies so domains “speak the same language”

« Cross-domain policy frameworks: codify how local systems negotiate priorities (e.g., cost vs.
service vs. risk)

« Objective hierarchies: define enterprise-level goals that cascade into domain-level KPIs

« Simulation environments: use digital twins or scenario testing to see how changes ripple across
functions

« Alignment governance: form a cross-functional council to review how automated decisions interact

« Transparency layer: dashboards that show inter-domain dependencies, trade-offs, and anomalies

« Incentive realignment: update performance systems so leaders are rewarded for total-system
outcomes, not silo wins

« Cultural reinforcement: retrain leaders to think like designers of ecosystems, not defenders of turf.
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LEVEL 04 CASE STUDY

Deep Brew exemplifies how Al
can revolutionize both customer
experience and operational
cfficicncy in retail. By scamlessly
blending personalized marketing
with smart opcrations, Starbucks
has created a virtuous cycle of
incrcascd customer satisfaction,
highcer visit frequency, and
reduced operational costs.

Source: Marketer In The Loop
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https://marketerintheloop.com/p/starbucks-ai-powered-hyper-personalization-with-deep-brew

LEVEL 04 CASE STUDY

/ara’s Al trend prediction
capabilitics integrate scamlessly
with supply chain opcrations that
cnable rapid transition from
trend identification to product
availability. The entire system
opcrates as coordinatcd®
intelligence and execut ]



https://chiefaiofficer.com/blog/how-zaras-ai-predicts-fashion-trends-before-they-happen/

Sclf-Optimization

A fully adaptive system where
data, decisions, and learning are
seamlessly connected across
every function



I'he ability to lcarn faster
than competitors may be
the only sustainable

p@tltl¥€ advantage
EN
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0 ; Self-Optimization

WHAT IT LOOKS LIKE

A fully adaptive system where data, decisions, and learning are seamlessly
connected across every function. The organization senses change, reallocates
resources, and refines strategy in real time—continuously closing the loop
between insight and action. Humans define purpose, values, and constraints;
intelligent systems interpret and execute within them. Together, they form a co-
creative network that learns faster than the environment around it.

ENABLING WORK

« Enterprise nervous system: connect every domain through shared data contracts, feedback
loops, and standardized APIs

- Adaptive governance: embed real-time monitoring, ethical auditing, and “kill-switch”
protocols into every automated layer

« Human constitution: codify rights to transparency, appeal, and influence—keeping people
central to oversight and meaning

- Dynamic strategy systems: link market sensing directly to portfolio and resource decisions,
with humans curating intent

« Continuous learning pipelines: feed outcomes back into model retraining, policy
refinement, and leadership development

« Scenario rehearsal: run simulations that test values and trade-offs under stress, ensuring
alignment through turbulence

« Meta-metrics: measure not only output performance but learning velocity; how quickly the
organization improves itself

- Leadership evolution: leaders focus on narrative, ethics, and system design; shaping the

organization’s sense-making, not its micromanagement
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| .evel 05 is a horizon we

can sce but not vet reach.

No company has fully reached Level 05 yet—
where Al systems coordinate seamlessly across
domains and make decisions on the organization’s
behalf—but the trajectory is clear.

Within a few years, the frontier won’t be building
Al tools; it will be building organizations intelligent
enough to use them as one mind.
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But make no mistake: the
horizon isn’t just technological
it's organizational, and
deeply human.

Machines may execute tasks, but only humans provide
the ethics, judgment, and imagination that give those
actions meaning and impact. And without human workers,
there’s no consumer base, no demand, no prosperity.

Mankind and machine. Judgment and data. Purpose and
precision. That’s the only future worth building.

)[0]:}
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Artificial intelligence is
not a substitute for
human intclligence; itis a
tool to amplify human
creativity and ingenuity.

= — N - Fel-Fel Li
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But partnership doesn't
happcn by default.

To make collaboration between humans and machines real,
every Al system must meet three non-negotiable
requirements:

1. Transparency: The system’s logic, data, and decisions
must be visible and understandable to those who rely
on it

2.Agency: Humans must retain the authority to question,
override, and improve the system’s outputs

3.Meaning: The work that remains for people must be
substantive, rewarding, and aligned with shared values

Without these, there is no partnership—only automation
without alignment.
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‘I'he future of Al

depends on how we
design our organizations.

Transparency, agency, and meaning can’t be hard-coded;
they have to be designed and embedded into how
people, processes, and systems interact. That’s the work
of organizational design. It defines how authority,
accountability, and learning flow through the system.

In the Al era, organizational design is the architecture of
alignment—the structure that keeps intelligence and
intent moving in the same direction.

Building a self-driving org starts with
seeing where you stand.

Reguest NOBL's Self-Driving Org

Diagnostic: a quick assessment of
your Al maturity and design readiness.
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mailto:hello@nobl.io?subject=Self-Driving%20Org%20Assessment&body=I%27d%20like%20to%20chat%20about%20understanding%20where%20my%20organization%20is%20on%20the%20journey%20to%20becoming%20a%20self-driving%20org.%20
mailto:hello@nobl.io?subject=Self-Driving%20Org%20Assessment&body=I%27d%20like%20to%20chat%20about%20understanding%20where%20my%20organization%20is%20on%20the%20journey%20to%20becoming%20a%20self-driving%20org.%20

‘T'omorrow belongs
to those who can
hear it coming.

— David Bowie
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